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Abstract
This study explores the antecedents of usage intentions to use Facebook commerce from an asymmetric point of view. The 
methodology consists of qualitative comparative analysis (QCA) asymmetric methods as well as structural equation meth-
ods (SEM). This study employs the SEM partial least squares analysis method to validate existing theories that examine 
the relationships between variables such as electronic word-of-mouth (eWOM), trust, perceived value, and usability of the 
new technology discussed in this study. The results from the fuzzy-set QCA show that not all the variables are necessary 
conditions for influencing F-commerce usage intention, with the variables of usability × perceived value × trust being the 
most important for obtaining valid and useful results, while in SEM analysis, trust, perceived value and eWOM have been 
shown to be influential variables in usage intentions. The novelty of this study has to do with an analysis of a growing context 
such as e-commerce through Facebook, in order to contribute to its understanding so that such information is useful for the 
management of this context of social networks, for a better use in terms of trade, improving the effectiveness and efficiencies 
of management decisions.
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1 Introduction

The term social commerce (SC) is frequently confused with 
social business (SB). The problem is that there are several 
definitions and explanations of SB. In this regard, Turban 
et al. [1] reviewed the different meanings and usages of the 
term SC, considering the importance of the e-commerce 
concept. The authors concluded that the term social busi-
ness refers to electronic transactions (associated with e-com-
merce) within a social media environment that originated 
from social media marketing, enterprise social commerce, 

technology, and support, as well as the integration of social 
aspects, software tools, (blogs, wikis), management and 
organization. Along similar lines, Liang and Turban [2] 
define social commerce as the use of Web 2.0 applications 
to support people’s interactions in an online context, where 
users’ contributions may aid in the acquisition of services 
and products. More specifically, social commerce can be 
defined as applications that combine online purchasing and 
social networks [3], as explained by Stephen and Toubia [4], 
who describe it as the integration of social network features 
in the basic functions of electronic commerce websites to 
allow people to actively participate in the commercializa-
tion and sale of products and services. Lastly, Huang and 
Benyoucef [5] and Huang and Benyoucef [6] define social 
commerce as a recent branch of e-commerce emerging as 
a result of the popularity of social networking sites, such 
as Facebook, LinkedIn, and Twitter, as well as wikis and 
microblogging.

A recent report by Chui et al. [7] estimates that the use of 
social technologies can contribute between $900 billion and 
$1.3 trillion in value and that up to 1/3 of consumer spending 
is subject to influences from social commerce.
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Social commerce (S-commerce) provides a collaborative 
environment that allows a network of interactions among 
stakeholders (i.e., institutions, businesses, individuals and 
organizations) to co-create value [8], to generate content, 
to provide feedback and to disseminate information [9]. 
Another of the main differentiating features of social com-
merce is that the environment is based on a community of 
buyers and sellers who are driven by different motivations 
[10]. The buyer is interested in relationships with other buy-
ers and sellers to seek or share information that will help him 
or her make a better buying decision; in contrast, the seller 
is interested in raising buyer awareness and cooperating or 
competing with other sellers [4]. Therefore, social com-
merce allows customers to have interpersonal relationships 
with other customers to exchange information, experiences, 
advice, etc. [11], resulting in social relationships that do not 
occur in other forms of e-commerce [2], favoring customer 
engagement in social commerce [12].

In this new environment, Facebook has become the most 
popular social network in our society, on both a national and 
an international level, as it is a generalist network with a 
fairly extensive user base. At the present time, after 10 years 
of existence, Facebook has over 1.4 billion users around the 
world (Facebook 2015). According to a recent report by 
Business Insider [13], this social network has broken the 
barrier of the virtual world and has established itself in the 
daily lives of millions of people who, until now, hardly had 
any contact with the network. Facebook is the top social 
commerce platform, driving more than two-thirds of mobile 
e-commerce traffic and boosting social media’s quickly 
growing share of e-commerce web traffic. Currently, there 
are various definitions for F-commerce. Facebook commerce 
is a natural evolution of SC, which maximizes online busi-
ness by selling goods and services through Facebook busi-
ness pages (Facebook fan pages) without needing to resort 
to additional investments or to expanding the infrastructure 
of the business [14]. Shin [15] defined F-commerce as a 
subcategory of S-commerce that utilizes Facebook, a social 
network service that facilitates user contributions and social 
interaction, to support the online selling and buying of ser-
vices and products. Leong et al. [16] defined F-commerce 
as a subgroup of social commerce whereby business and 
commercial activities are performed using Facebook to sup-
port the online buying and selling of services and products, 
while the transactions can be done on the Facebook site or 
by using third-party websites. In our case, we will under-
stand F-commerce as a derivative of electronic commerce 
that uses Facebook as a sales channel for the commercializa-
tion of products and services, favoring the social relations 
derived from the environment where the economic transac-
tion is generated.

Companies now can use different formulas to sell on 
Facebook [17–20]. (1) The storefront: this is the most static 

version of Facebook commerce. This type of solution allows 
for the organization of a complete catalogue of products or 
services within a Facebook page, that is, to integrate the 
offer showcase within Facebook so that when the consumer 
wants to make a purchase, he or she is redirected to the tra-
ditional online store. As a result, the purchase process is not 
performed entirely on Facebook, and the time of purchase of 
the product occurs through the traditional e-commerce chan-
nel. (2) The Facebook store: the Facebook store is an evolu-
tion of the storefront that allows you to complete the entire 
shopping process on Facebook. In this way, it allows the 
integration of a catalogue of products or services while also 
making it easier for users to buy, without having to leave the 
social network. (3) Smart Facebook store or “smart” Face-
book stores: at the top level, there are applications that not 
only integrate the entire shopping process within Facebook 
but also offer a personalized shopping experience based on 
each user’s profile. These types of solutions are based on the 
information that users register and share through Facebook 
to recommend the products that best suit their tastes and 
interests.

We chose the social network Facebook to perform this 
research for two reasons. First, from a theoretical point of 
view, the participation of customers in social networks is 
very important because it naturally facilitates conversa-
tions between customers, as well as between customers and 
companies, which improves engagement; additionally, the 
high number of Facebook users make it the world’s lead-
ing social network regarding the number of users. Second, 
from a practical point of view, marketing agencies often use 
social networks and Facebook to improve brand engagement 
beyond the number of likes [21].

It is obvious that social networks have changed the way 
people communicate currently. However, which factors 
determine the usage intention of online social networks 
(Facebook, in our study) to purchase goods and services? 
The aim of this paper is to address those questions and to 
analyze the usage intention antecedents of products and ser-
vices available through F-commerce by introducing a new 
theoretical framework that acknowledges the relationships 
between eWOM, electronic word-of-mouth, perceived value, 
trust and usability. In addition, this study also provides a 
new research methodology framework by performing asym-
metric models of data assessment along with the partial least 
squares analysis method, enhancing discussion in the area of 
knowledge targeted by this research. This approach makes it 
possible to better understand the context of e-commerce on a 
platform such as Facebook which, unlike other e-commerce 
contexts that were born with this objective, has varied its 
initial social network objective by incorporating this possi-
bility of creating a new context of commerce, which taking 
into account the growth of Facebook in the number of users, 
can set a trend in the e-commerce sector as well as foresee 
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similar behaviours on platforms that lend themselves very 
much to it, such as Instagram.

2  Scientific literature review and research 
proposals

A behavioral model explaining the process of S-commerce 
adoption and its key role in F-commerce is developed from 
the traditional models regarding technology acceptance as 
well as from a literature review of previous studies. Although 
the case of research on s-commerce is broader, the number 
of studies on F-Commerce is very small; in this sense, the 
studies related to this field are detailed in Table 1 below. 
None of the mentioned articles use any kind of asymmetric 
methodology to assess the causality of individual behavior.

2.1  Effects of usability

While the website may seem cold and distant compared to 
a traditional establishment, it also offers new and interest-
ing possibilities [22]; in our case, this possibility also may 
occur in the case of F-commerce. Numerous studies sug-
gest that the perceived usability of a website is a funda-
mental element in the image of the company’s online store 
and that it can influence purchasing behavior in a similar 
way to that of traditional stores [23]. Consumers use a web-
site or social network to find product information, to make 
online payments and to complete purchases; a well-designed 
online environment with high usability (for example, ease 
of navigation) will improve a consumer’s online shopping 
experience by increasing usability. Usability refers to several 
aspects such as the ease of learning to manage the system, 
the ease of remembering basic functions, the degree of error 
avoidance, and the general satisfaction of the user regarding 
manageability [24]. In this regard, this study introduces the 
following research hypotheses:

Hypothesis 1 Usability of F-commerce platforms greatly 
and positively influences usage intention.

2.2  Effects of trust

The lack of social signals due to spatial separation leads to 
trust playing a key role in online purchasing [25]. Trust in 
the online business implies that companies will always fulfill 
their obligations; this is a subjective belief and a major factor 
in online purchases affected by uncertainty, where users of 
e-commerce risk losing their money [26]. Hence, companies 
will try to alleviate consumer uncertainty to improve usage 
intention [27–29]. In this regard, Everard and Galletta [30], 
Zhou [31] and Bansal et al. [32], among others, conclude 
that improved trust toward F-commerce platforms will likely 
increase usage intention. Therefore, this study introduces the 
following research hypothesis:

Hypothesis 2 Trust in F-commerce platforms positively 
influences usage intention.

2.3  Effects of electronic word‑of‑mouth

The term electronic word-of-mouth (eWOM) refers to the 
exchange of information on a product or service of a com-
pany on the Internet [33]. Essentially, eWOM comprises 
any positive or negative statement made by potential, actual 
or former customers about a product or company, which is 
made available to a multitude of people and institutions via 
the Internet [33]. The most relevant analysis in the scope of 
this research (Facebook and other social networks) is that 
these statements influence customer behavior while improv-
ing usage intention of the F-commerce platform. This affir-
mation becomes patently clear after analyzing the adoption 
of other technology innovations such as social network 
games [34], tourism destination [35] and, among others, the 
adoption of electronic commerce [36]. In our case, the inter-
actions that occur within the social network derived from the 
user’s own contacts on Facebook will allow us to improve 
the information that consumers have about the related prod-
ucts and to establish a broader set of considerations [37], 
thus improving the intention to use these platforms [38]. We 
therefore propose the following research hypothesis:

Table 1  Prior studies of behavior in F-commerce

Keywords, objectives and proposed variables Author

Trust in E-retailer, trust in Facebook-shopping, trust in Facebook and purchase intention on Facebook [22]
Experience, enthusiasm, material resources, market, social navigation, value of awareness, social gratification, information, and pur-

chase intention in S-commerce
[23]

Trust, recommendations and references, qualifications and comments, and purchase intention [24]
Perceived ease of use, usefulness, self-efficiency, and intention to use [25]
Big Five Model, urge to purchase, urgency, impulse purchase [26]
Social image, subjective norms, perceived usefulness, perceived trust, E-Wom, perceived value and intention to use [27]
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Hypothesis 3 eWOM in F-commerce platforms positively 
influences usage intention.

2.4  Effects of perceived value

According to Zeithaml [39], customers’ perceived value 
refers to a tradeoff between benefits and sacrifices, essen-
tially the perception of what is received and what is given. 
Ruiz-Molina [40] also affirms that customers’ perceived 
value of commercial transactions has a subjective nature 
since it means an evaluative judgment. Therefore, most 
studies in this area consider multiple variables to deter-
mine the importance of customers’ perceived value. In 
addition, there is a significant relationship between cus-
tomer perceived value and usage intention. Favorable 
customer perceived value toward F-commerce positively 
influences the usage intention of the platform. Previous 
studies corroborate this statement, marking the impor-
tance of attaining a distinct perceived value to influence 
the acceptance of new technology [41–44]. In the context 
of social commerce, users not only seek utilitarian and 
hedonic values, such as comfort and enjoyment, but also 
pursue social value, such as interaction with others and 
self-realization, which is why we consider it essential to 
define the relationship that the perceived value maintains 
the intention [45, 46]. In this regard, this study introduces 
the following research hypothesis:

Hypothesis 4 Customers perceived value toward F-com-
merce holds a significant, positive relationship with the 
usage intention of F-commerce platforms.

The proposed model is shown in Fig. 1.

3  Method

The analysis process is performed in two stages. The first 
stage consists of validating the measurement scales and veri-
fying the hypotheses presented through partial least squares 
(PLS) in a model of structural equations (SEM) using the 
SmartPLS software [47]. A qualitative comparative analy-
sis of fuzzy sets (fsQCA) is performed in the second stage. 
Quantitative comparative analysis (QCA) considers all logi-
cally possible combinations of conditions that produce the 
expected result (intention to use). In this way, fsQCA, unlike 
PLS, will allow us to explore complex patterns in which 
different causal or independent variables can produce the 
same result through different combinations with a limited 
number of cases [48, 49]. Therefore, QCA makes it possi-
ble to obtain, for a result of interest, which combinations of 
the different variables are the most relevant to arrive at that 
result. For this purpose, the software takes into account com-
binations of both variables and their negation (or, what is the 
same, high values and low values of the same variable), i.e., 
it can combine usability and perceived value in one way and 
non-usability and non-perceived value (low levels of usabil-
ity and low levels of perceived value) in another.

PLS relies on a sequence of regressions to identify sym-
metric relationships, and QCA allows the asymmetry of 
relationships to be captured, which can be an advantage in 
the analysis system. Both methods are complementary, but 
together, they allow us to analyze behavior from different 
perspectives, thus obtaining a better understanding of the 
case. Thus, while PLS is recommended when the researcher 
wants to perform predictive analysis and to identify key 
variables that explain behavior [50], QCA is suitable for 
examining complex causal combinations because different 
combinations of variables can lead to the same result [51] 
and because the presence and absence of a given result may 
require different explanations.

Fig. 1  Proposed model
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The QCA methodology is asymmetric; the opposite result 
is not necessarily obtained through the same underlying 
causes that explain the positive result. QCA also implies 
equifinality; the same result could be obtained due to a com-
bination of alternative variables as long as they are not nec-
essary. Finally, the results of causality are circumstantial; a 
single condition does not determine the result but rather the 
combination of variables that explains the expected result. 
The importance therefore lies in the effect of relationships 
and combinations and not in the net effect of relationships 
[52]. Therefore, the inclusion of the QCA method has the 
following advantages [51]. QCA has no limitations on the 
number of interaction effects, unlike the PLS or regression 
models. The results are more detailed and are not limited by 
the number of analysis cases, such as the models based on 
structural equations [53–55]. In short, using both methods of 
analysis will provide us with a broader and a more complete 
view, which is a new contribution to the academic literature 
in the processes of adopting social purchasing technology.

3.1  Surveys and measure scales used

The design of the experimental stage of our research was 
performed in a simulated web environment using a Facebook 
profile. The users had to watch a video explaining the social 
purchasing process, while the video also described how the 
technology works as well as the benefits derived from its 
usage (“Appendix 1”, https ://youtu .be/zjkm1 l9tdj I). This 
social network simulation included a series of modifications, 
such as a timer to start the web survey after the users had 
watched the explanation of the proposed platform for 90 s.

Before entering the web, users explicitly were informed 
that they had to remember a promotional code (321) appear-
ing at the end of the video to ensure that they watched the 
complete video. For the research, we only used the users 
who could remember the code correctly. According to Wells 
[56], any information processed consciously or uncon-
sciously activates the memory, which can increase the 
likeliness of remembering the message to which we were 
exposed. To determine whether the users had paid atten-
tion to the advertisements at the conscious or unconscious 
level, we measured the impact of advertising on the explicit 
memory through assessment measures of spontaneous and 
aided recall. Thus, we were able to know if the respond-
ent had paid attention to the advertising and to what extent. 
This recall has been used widely as a variable for measur-
ing advertising efficiency in terms of knowledge [57, 58]. A 

random sample of participants with active profiles on Face-
book answered an online questionnaire.

The measurement scales used in the questionnaire were 
adapted from prior studies (“Appendix 2”). Research analy-
sis involves adapted measurement scales from different 
e-marketing experts, such as the usage intention scales from 
Shin [59] and Liébana-Cabanillas et al. [60], the usability 
scale from Flavián et al. [22], the trust scale by Pavlou [61] 
and Liébana-Cabanillas et al. [60], the eWOM scale from 
Chu and Kim [62], and the perceived value scale by Kim 
et al. [63] and Dai et al. [64]. Fieldwork in this research 
began on the May 1 and ended June 1. Survey participation 
was completely voluntary, with the initial data set compris-
ing 217 submissions. Response time values served as a data 
cleaning method, rejecting data from participants taking 
either too much or too little time to complete the question-
naires (affecting 12 submissions in this research). The result-
ing data sample comprised 205 valid submissions, 53% of 
which were from women. Approximately half of the total 
number of participants had a college degree and an aver-
age monthly income of approximately 1800 Euros (approx. 
$2000 according to current exchange). More than half of the 
total number of participants were 31 years old or older. The 
profile of the final sample is shown in Table 2.

In the first step of the analysis, missing values were 
removed from the data base, and then rare, uncommon 
values were analyzed with the Mahalanobis distance (D2) 
method. Finally, calibration of the variables was performed. 
Calibration is the process through which our survey data 
must be transformed into a fuzzy-set variables [65], and this 
study determined their degree of relevance within a certain 
subset. To complete the calibration process, first we must 
delete all missing values and once done, all constructs are 
calculated by multiplying their item scores [51, 66] to recali-
brate variables into three different centiles [67]; in QCA two 
values are established at the beginning: the value 1 means to 
possess the category being valued and the value 0 means not 
to possess it. However, in order to calibrate the software so 
that the results it generates are valid and reliable, according 
to the author of the methodology [55] the values must be 
recalibrated to establish 3 points, including the value 1 and 0 
mentioned above, and adding the value 0.5 as the midpoint. 
To this end, a series of centiles are established as a refer-
ence, in this study were 5th percentile, 50th percentile and 
95th percentile of the data values following the suggestion 
of Woodside [67]. The details of this procedure are shown 
in Table 3.

https://youtu.be/zjkm1l9tdjI


 Information Technology and Management

1 3

4  Results

Prior to the testing of the hypothesis, we proceed to test 
that the measuring instruments are free from random errors 
(reliability of the items and variables) and that the constructs 
have the capability to show real differences between the 
objects in relation to the characteristic being measured (dis-
criminant and convergent validity). First, this study checks 
that all the item loads have a value higher than 0.7 in the 
EFA analysis. The analysis concludes that both the KMO 
(Kaiser–Meyer–Olkin) (0.8590) index and the Bartlett test 
of sphericity (p < 0.000) carry higher values than the recom-
mended values. All the Cronbach’s alpha analysis values are 
higher than 0.9, as observed in Table 4.

4.1  Path analysis (SEM)

The model of measurement regarding variables and items 
is analyzed with the PLSc method. This study finds that 
both the factorial loads’ reliability values and the com-
posite reliability values (> 0.9 and > 0.94 respectively) 
are higher than the recommended values in the literature 
[68]. The HTMT (heterotrait-monotrait ratio of correla-
tions) [69], the extracted variance (AVE > 0.8), and the 
Fornell-Larcker criteria [70] methods analyze and confirm 
discriminant and convergent validity. Regarding the evalu-
ation of the structural model (also in Table 4), the  R2 index 
shows a high variance, explained by the usage intention 
model  (R2 = 0.809). In the same way, the Q2 index was 
estimated by running a blindfolding procedure (omission 
distance = 7)  (Q2 = 0.718), as both Stone [71] and Geisser 
[72] reported. This study also employs the standardized 
root mean square residual (SRMR) indicator, with a value 
of SRMR = 0.052 [73]. In addition, the model is analyzed 
by estimating size effect values  (f2) [54].

Concerning the contrast of the hypotheses employ-
ing the SEM methodology, the only hypothesis that this 
study was unable to support was the hypothesis regarding 

Table 2  Profile of the sample used in the analysis

Variable Number Percentage (%)

Sex
Men 75 36.58
Women 130 63.41
Age
Under 18 8 3.90
From 19 to 25 22 10.73
From 26 to 30 25 12.20
From 31 to 35 61 29.76
From 36 to 40 46 22.44
From 41 to 45 14 6.83
From 46 to 50 13 6.34
From 51 to 55 1 0.49
From 56 to 60 8 3.90
From 61 to 65 2 0.98
Over 65 5 2.44
Level of studies
Primary studies 16 7.80
Professional training 13 6.34
Graduate studies 72 35.12
University studies 104 50.73
Activity
Unemployed 15 7.32
Student 40 19.51
Retired 9 4.39
Employed by others 108 52.68
Self-employed 33 16.10
Family income level
Less than 1100 Euros per month 35 17.07
From 1101 to 1800 Euros per month 62 30.24
From 1801 Euros to 2700 Euros per 

month
57 27.80

Over 2701 Euros per month 51 24.88
Purchasing experience on social networks
Yes 47 22.93
No 158 77.07
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the influence of Usability on Usage Intention (β = 0.142, 
p = 0.270), while the inf luence of trust (β = 0.174, 
p = 0.028), perceived value (β = 0.452, p = 0.001), and 
eWOM (β = 0.157, p = 0.007) was contrasted, being the 
perceived value the variable with the greatest predictive 
weight.

4.2  fsQCA results

The causality test regarding usage intention shows that 
none of the considered variables are a necessary condi-
tion because the consistency coefficients are below 0.90 
[55]. Table 5 shows that both the Trust and Perceived vari-
ables are most likely to carry high values when estimating 
F-commerce usage intention.

Table 3  Descriptive analyses 
and calibration values

Usab usability, Intention usage intention

Trust Perceived value eWOM Usab Intention

N Valid 205 205 205 205 205
Missing 0 0 0 0 0

Mean 2011 387.48 40.09 10,893.55 78.03
Median 576 192 18 2304 32
SD 2958 474.81 59.33 16,697.96 86.87
Min 1 1 1 1 1
Max 16,807 2401 343 117,649 343
Calibration values
Percentile 5 16 2 1 9.6 2
Median 576 192 18 2304 32
Percentile 95 7056 1080 125 32,400 216

Table 4  Evaluation of the 
model: Cronbach’s alpha (Ca), 
correlation  (R2), Stone-Geisser 
test  (Q2), effect size  (f2), 
composite reliability (CR), 
extracted variance (AVE) and 
factorial loads

Percv. value perceived value
*Significant at p < 0.001

Construct Ca R2 Q2 f2 CR AVE Factorial loads

Trust 0.976 0.031 0.976 0.891 0.902–0.962*
Percv. value 0.974 0.117 0.974 0.905 0.933–0.969*
eWOM 0.943 0.044 0.943 0.846 0.894–0.940*
Usability 0.973 0.012 0.982 0.902 0.925–0.970*
Intention 0.962 0.809 0.718 0.925–0.968*

Table 5  Necessary conditions for fsQCA to identify the relationships 
between trust, identification, perceived value, usability, and eWOM 
for the occurrence (and no occurrence) of F-commerce usage inten-
tion

The highest values for the necessary conditions are shown in bold

Usage intention ~ Usage intention

Consistency Coverage Consistency Coverage

Trust 0.801 0.770 0.559 0.584
~ Trust 0.617 0.593 0.775 0.709
Usability 0.780 0.896 0.535 0.591
~ Usability 0.643 0.590 0.806 0.798
eWOM 0.780 0.847 0.568 0.594
~ eWOM 0.626 0.601 0.754 0.788
Perceived value 0.858 0.899 0.544 0.548
~ Perceived value 0.569 0.565 0.889 0.859

Table 6  FsQCA analysis results

Usab usability, Percv perceived value
Solution coverage: 0.805; solution consistency: 0.909

Frequency cutoff: 2; consistency cutoff: 
0.893; all variables are present

Raw coverage Unique coverage Consistency

eWOM × Trust 0.696 0.028 0.912
eWOM ~ Usab × Percv 0.542 0.038 0.937
Usab × Percv × Trust 0.728 0.070 0.939
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Following this analysis, the appropriate causal configu-
rations are decided, with a minimum consistency threshold 
of 0.8 and a frequency cutoff value of 2 [55]. The results 
of this particular analysis procedure, using both SEM and 
fsQCA methods, indicate a sufficient relationship between 
the usage intention and a certain subset of conditions. 
According to Woodside [67], a model studied with the 
fsQCA method is informative when the solution consist-
ency value is above 0.74 and when the raw coverage value 
is between 0.25 and 0.65 [55], as long as small variances 
are allowed [74]. The results of the intermediate solution 
that our research employs show a consistency cutoff value 
of 0.893 (coverage = 0.805; consistency = 0.909). The 
configurations used are: (1) eWOM × Trust (raw coverage: 
0.696; consistency: 0.912), (2) Ewon × ~ Usability × Per-
ceived value (raw coverage: 0.542; consistency: 0.937) 
and, (3) Usability × Perceived value × Trust (raw coverage: 
0.728; consistency: 0.939). The last causal combination 
employed is the most relevant, as it shows the highest raw 
coverage values. All the causal conditions in this study 
explain 80% of the empirical evidence [75] (see Table 6).

5  Discussion and conclusions

The level of penetration of the different social networks in 
our society is astounding [13], and the relevance of social 
commerce has rapidly increased during the past few years 
[7]. Facebook commerce can be considered an evolution of 
social commerce that has a profound degree of acceptance. 
This phenomenon is explained by the large and ever-grow-
ing popularity of Facebook. The number of companies and 
brands offering their business through F-commerce and 
those enjoying an increased popularity as well as improved 
sales figures is also increasing at a high rate (Coca-Cola, 
Lady Gaga, Warner Bros, Starbucks…). This phenomenon 
is the main reason for the in-depth research and method-
ology used in this study, analyzing the usage intention 
antecedents of products and services available through 
F-commerce by introducing a new theoretical framework 
that acknowledges the relationships between eWOM, per-
ceived value, trust and usability. In addition, this study 
also provides a new research methodology framework by 
performing asymmetric models of data assessment along 
with the partial least squares analysis method, enhanc-
ing discussion in the area of knowledge targeted by this 
research.

The research methodologies employed in this study were 
divided in two stages. The first step aims to validate both the 
scales and the structural modeling, and the last step is used 
to examine influence and causality relationships. According 

to reports from Hair et al. [68] and Henseler et al. [69], val-
ues obtained regarding reliability (simple correlations and 
composite reliability) and validity scores (variance analysis, 
composite reliability index, Fornell-Larcker criterion and 
HTMT) demonstrate that scales are adequate. The result-
ing scores indicate that this research model has an adequate 
adjustment. Regarding the contrast in relationships, all 
of them show significant p-values, except for one, which 
was the relationship between usability and usage intention. 
The main focus of this research is the asymmetric analy-
sis through QCA of previous studies on usage intention (in 
contrast to the traditional, symmetric analysis and the SEM 
method) based on four variables found during the literature 
review stage.

SEM analysis fails to confirm the existing relationship 
between usability and usage intention, mostly due to the 
specific nature of Facebook, the platform this paper studies. 
Facebook enjoys a social presence close to 100%, with an 
ever-growing activity level; the perceived level of usability 
that users believe they have with the F-commerce platform 
is irrelevant because Facebook users do not consider this 
relationship as a distinct, important factor in their planned 
usage intention. However, users greatly value the rest of the 
relationships discussed in this study.

According to the results obtained from the SEM analysis, 
both the perceived value and the community itself impact 
the usage intention of the platform, as they share online 
purchasing experiences within the contact network of the 
community and positively influence planned usage inten-
tion. In light of the above information, companies willing to 
adopt social purchasing platforms and technologies should 
provide customers with the necessary tools to share their 
purchasing experiences with other users. Companies also 
should actively and publicly promote the utility of these 
technologies and the benefits they provide for their users, 
developing a positive influence with other contacts of the 
community while encouraging the use of the social purchas-
ing technologies available in the network. Companies can 
take advantage of their own contact network to fulfill these 
objectives. Companies are likely to reach a positive usage 
intention from their users by sharing previous, positive pur-
chasing experiences and resources, including tutorials and 
promotional videos, with the community, as the analysis of 
the three key variables discussed in this research confirms.

Comparing the different qualitative analyses, the SEM 
analysis method shows a value of 0.809 regarding  R2, close 
to the score the QCA method offers (0.805). However, the 
QCA modeling method shows that the combination of usa-
bility, perceived value and trust is a sufficient condition for 
favorable usage intentions, an affirmation supported by 72% 
of the sample of participants interested in F-commerce in the 
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survey conducted by this research. Furthermore, 7% of users 
with favorable usage intentions for F-commerce exclusively 
refer to this exact configuration of variables.

As a summary, this study has carried out an analysis by 
means of two different methodologies, on the one hand, the 
modeling of structural equations and on the other hand, the 
comparative qualitative analysis, with the intention of know-
ing the influence of predictive variables such as perceived 
value, electronic recommendation, confidence and usabil-
ity on the future intentions of using the Facebook platform, 
analysed in this case as an electronic commerce platform. 
The use of both methodologies allows us to approach this 
research topic from different perspectives, and the novelty 
of the methodology means an incremental contribution to 
the research.

This contribution proves that the proposed model is ade-
quate and that the relationships are significant, except in the 
case of usability. These results make it possible to contrib-
ute information to a relatively new area of knowledge, such 
as the study of the Facebook platform as an e-commerce 
platform, arising from its function as a social network. In 
addition, this information is useful for marketing manag-
ers, as it allows them to know how the variables that may 
be involved in users using the Facebook platform to carry 
out their buying and selling operations are related, and 
therefore provides information on which aspects should be 
worked on more specifically to obtain the expected results. 
This contribution is an interesting contribution to a field 
of study that will obviously continue to grow, more and 
more companies will promote the use of this type of trading 
platforms with a social component, where you can share 
information, create contacts… so this type of studies allow 
us to help understand how they work, for a better business 
use of these platforms.

Appendix 1: Website form used

Factors affecting consumer purchases on social 
networks

The University of Granada is performing research on the 
level of acceptance of online purchasing systems in social 
media; this research is specifically targeting the users of 
Facebook. We are kindly asking you to spend a few min-
utes responding to a simple survey after viewing an online 
video that explores the use of online purchasing systems 
in social media.
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As you already know, social media has become part of 
our daily lives and is fully integrated in our daily routines. 
We are wondering about the quick, easy and simple pro-
cess that users approach when purchasing through busi-
ness pages of social networks.

The following explanatory video shows the different 
advantages and features that the different social networks 
might contribute to the field of electronic commerce.

All the collected data will be processed in aggregated 
form and will be evaluated in full confidence, in  com-
pliance with the  technical and organizational measures 
required by current data protection regulations. If you have 
any questions or doubts about this research, please contact 
us through the following e-mail addresses: franlieb@ugr.es.

Your participation in this research study should not take 
longer than 6 or 7 min.

Appendix 2: Scales used

Perceived value [63, 64, 76, 77]

Regarding the viewed F-commerce platform, score your 
level of agreement or disagreement on a scale of 1 to 7:

• The time it would take to make purchases on F-com-
merce platforms is very reasonable (PerVal1).

• The effort associated with the use of these platforms to 
make online purchases is worth it to me (PerVal2).

• The perceived experience in the use of platforms F-com-
merce is positive (PerVal3).

• I would find the use of F-commerce platforms to be valu-
able (PerVal4).

Usage intention [59, 78]

Regarding the possibility of using an F-commerce platform, 
score your level of agreement or disagreement on a scale of 
1 to 7:

• I would use F-commerce in the future to make online 
purchases (IntUse1).

• I would recommend that other consumers use F-com-
merce to make online purchases (IntUse2).

• My intention is to use F-commerce in the future as an 
online purchase tool (IntUse3).

E‑wom [62, 79]

• In the purchasing of products, I generally buy brands I 
think other people will approve of (EW1).

• If other people can see me using a product, I frequently 
buy the brand they expect me to buy (EW2).

• I find a sense of belonging through buying the same prod-
ucts and brands that others buy (EW3).

Trust [61, 78, 80]

• I believe that F-commerce platforms will keep the prom-
ises and commitments they make (Trust1).

• F-commerce platforms are trustworthy (Trust2).
• I would rate F-commerce platforms as honest (Trust3).
• I think that the F-commerce is responsible (Trust4).
• Generally, I have confidence in the F-commerce plat-

forms (Trust5).

Usability [22]

• In the F-commerce platform, everything is easy to under-
stand (USA1).

• Finding the information, I need to make the purchase is 
easy in the F-commerce platforms (USA2).

• The structure and content are easy to understand (USA3).
• In F-commerce platforms, everything is easily under-

standable (USA4).
• The organization of contents of this type of platform 

allows me to know where I am when I browse its pages 
(USA5).

• I feel that I control what I can do when I use these plat-
forms (USA6).
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